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Abstract

Our research empirically explores the interplay between the level of infrastructure and inter-personal
and political trust. We exploit cross regional variation during the period 1990-2016 in four main types
of infrastructure, i.e., railways, electri�ed railways, motorways and other roads. Our results suggest
that the extend of each network has a positive and statistically signi�cant e�ect on interpersonal and
political trust. Relying on an expanding literature we hypothesize that this e�ect operates directly via
the degree of exposure to new people and ideas, as well as indirectly, via the e�ect of infrastructure on
the structure of the economy.
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1 Introduction

As early as in 1972, the Nobel laureate Kenneth Arrow pointed out that "...virtually every commercial
transaction has within itself an element of trust. . . it can be plausibly argued that much of the economic
backwardness in the world can be explained by the lack of mutual con�dence." Since then, an ever expand-
ing literature emerged that studies all aspects of trust, with a special focus on its determinants. While var-
ious historical or contemporary determinants have been advanced, the role of infrastructure in building
societal infrastructure has not been studied and empirically identi�ed.

Our research empirically explores the interplay between the level of infrastructure and inter-personal
and political trust. We exploit cross regional variation during the period 1990-2018 in four main types
of infrastructure, i.e., railways, electri�ed railways, motorways and other roads. Our results suggest that
the extend of each network has a positive and statistically signi�cant e�ect on interpersonal and political
trust. Relying on an expanding literature we hypothesize that this e�ect operates directly via the degree
of exposure to new people and ideas, as well as indirectly, via the e�ect of infrastructure on the structure
of the economy. We use historical infrastructure data and international immigrant analysis as a natural
experiment to tackle the potential endogeneity problem. Our results are robust even when we include
additional control variables.

The results of our paper have several implications for the policy makers. Infrastructure fosters trust
and makes the citizens more open to new people and new ideas. It enhances social proximity and face-
to-face interactions Boschma (2005). Face-to-face interactions facilitate the communication and the es-
tablishment of new collaborators (Crescenzi et al., 2018). This fact could lead to knowledge spillovers
and to cause a systematic reduction in the regional disparities between cities and places that left behind
(Rodríguez-Pose, 2018).

The rest of the paper is organized as follows. The second chapter includes the literature review. The
third chapter contains the data and the empirical strategy. The fourth chapter reports the results. The
�fth chapter discusses the mechanism. Finally, the last chapter concludes.

2 Literature

Our research is at the cross road of two main strands of literature. First, the literature that explores the
determinants of interpersonal and political trust. There is a wide literature that studies the determinants
of trust (Dohmen et al., 2012; Becker et al., 2016; Nunn and Wantchekon, 2011) and highlights it as an
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inseparable element of the modern economic systems (Zak and Knack, 2001). We augment this literature
by highlighting a novel determinant of trust, i.e., regional infrastructure that facilitates the movement of
people and ideas.

Second, it contributes to the literature that studies the overall impact of transportation technologies
on current and past economic outcomes. Notable examples are airplanes (Feyrer, 2009; Campante and
Yanagizawa-Drott, 2018), highways (Baum-Snow et al., 2018; Duranton and Turner, 2011; Faber, 2014),
railroads (Donaldson and Hornbeck, 2016; Donaldson, 2018; Yamasaki, 2017), as well as steamships (Pas-
cali, 2017).

From a historical perspective, Andersson et al. (2018) and Perlman (2017) �nds that network access
fosters innovative activity in nineteenth century. Krisztián Nagy (2016) reports that railroads boost the
growth of US cities while Donaldson and Hornbeck (2016) states that they were meaningful for the de-
velopment of the agricultural sector in USA in 1890. Santamaria (2018) studies the reallocation of road
investments after the division of Germany. Buckwalter (2018) �nds no e�ect of rail access between 1884
and 1892 on population densities in French Algeria

Similar results are reported with respect to current economic outcomes. Hiroyasu et al. (2017) and
Gao and Zheng (2018) �nd that the opening of the high speed rail in Tokyo and China is responsible for
an increase in innovativeness. In line with these results, Dong et al. (2018) uses publications and reports
that bullet train enhances the quantity and the quality of co-authored papers. According to Heuermann
and Schmieder (2019) bullet trains reduces travel time and increases the number of commuters between
regions. This fact leads to a matching between the workers from small cities and jobs in large cities and
the workers do not change their place of residence. Agrawal et al. (2017) argues that the stock of highways
has a positive e�ect on patenting in metropolitan statistical areas of USA. Égert et al. (2009) �nds that the
contributions of infrastructure to long-run growth is not homogenous across countries and that the ex-
pansion of infrastructure depends on capital expenditure while Bougheas et al. (2000) reports an inverted
U-shaped relation between infrastructure and the rate of economic growth across countries. Baum-Snow
et al. (2018) �nd that on average, roads that improve access to local markets have small or negative e�ects
on prefecture economic activity and population. Büchel and Kyburz (2018) indicates that that being con-
nected to the railway network increased a municipality’s annual population growth rate.There are recent
evidence demonstrating that air connectivity accelerates the movement of capital and enhances economic
development but increases also the inequality locally (Campante and Yanagizawa-Drott, 2018). In addi-
tion, it increases the collaborations Catalini et al. (2018) and patent activity (Wong, 2019).

Our paper extends both literatures to a novel direction, i.e., we identify a novel determinant of trust at-
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titudes, i.e., we highlight the role of infrastructure and we extend the literature that studies infrastructure
as a determinant of the economy on the e�ect of infrastructure on social outcomes.

In sociology there is reference to the social implications of infrastructure. Graham and Marvin (2001)
highlight the role of public infrastructures and new technologies infacilitating the mobility of people,
goods, and utilities when old formsdecay. The ongoing life of these structures and networks themselves is
argued to have created new social collectivities (Larkin, 2008). Ethnographic research sheds light on the
formation of citizenship through infrastructure (Anand, 2011).

To our knowledge the only economics paper that studies social outcomes is the paper of Melander
(2018) who established that reductions in interaction costs shaped the di�usion of social movements,
during the period 1881-1910 in Sweden. Our analysis contributes signi�cantly to this research question as
it concerns contemporary outcomes in a wide set of European regions and focus on a wide range of trust
attitudes, i.e., on interpersonal and political trust.

3 Data and Empirical Strategy

In this section we present the data and discuss our estimation and identi�cation strategy.

3.1 Data

3.1.1 Infrastructure Data

We extract the data for infrastructure from the Statistical O�ce of the European Union (from now on
Eurostat). Eurostat provides us regional transport statistics and more speci�cally the rail and road net-
work by NUTS 1 regions. We use four measures of infrastructure in our analysis: Railroads, Electri�ed
Railroads, Motorways and Other Roads1. The transport infrastructure data on the length of motorways
and other roads and the length of the railway network is expressed in kilometres. The rail (motorway) net-
work includes all the railways (motorways) in a given area (Eurostat, 2009). As far as electri�ed railway is
concerned in the vast majority of cases it replace old existing railways, which explains the drop in km’s of
railways and the simultaneous expansion of electri�ed railways (see Figure 1).

1Road outside the boundaries of a built-up area, which is an area with entries and exits sign-posted as such (Eurostat,
2009)
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Figures 1, 2 and 3 illustrate the evolution of infrastructure over time and the mean levels of infrastruc-
ture across regions and hint to two things. First, Figure 1 shows that even though the rail network has long
been developed in most of the European countries, there is still important variation in the number of km
over time, suggesting that it is still signi�cantly expanding across regions over time. We can thus infer that
there is still su�cient variation in the evolution of infrastructure thus leaving room for conferring a sig-
ni�cant e�ect on trust outcomes even in the contemporary period (2000-2016). Second, we show that
there is signi�cant variation across regions, which is the type variation that we exploit (see Figures 2 and 3).

3.1.2 Trust Data

The analysis employs data from eight waves of the European Social Survey (2002-2018), a repeated cross
section survey conducted in a number of European countries. The ESS is a cross-national survey that
quanti�es the attitudes, beliefs and behavioral patterns of citizens in 34 European countries. In particular
the ESS sample comprises individuals who currently reside in Albania, Austria, Belgium, Bulgaria, Croa-
tia, Cyprus, Czech Republic, Denmark, Estonia, Germany, Finland, France, Greece, Hungary, Iceland,
Ireland, Israel, Italy, Kosovo, Lithuania, Luxembourg, the Netherlands, Norway, Poland, Portugal, Rus-
sia, Sweden, Slovenia, Slovakia, Spain, Switzerland, Turkey, United Kingdom and Ukraine.

We use six alternative dependent variables, i.e., trust in i) other people; ii) parliament; iii) police; iv)
politicians; v) political parties, and vi) legal system. Respondents are given the question "Using this card,
please tell me on a score of 0-10 how much you personally trust i) other people ii) each of the institutions
I read out. 0 means you do not trust other people/an institution[parliament; police; politicians; political
parties; legal system] at all, and 10 means you have complete trust.

The ESS also provides information about the respondent such as, their age, their gender, and their
highest level of education achieved.

Additional regional level controls include regional GDP per capita derived by Eurostat and OECD.

Our analysis is carried out at the NUTS 1 level. We restrict our sample from 2000 to 2016.We have
two reasons to restrict our sample. First, ESS �rst round starts at 2002 and we prefer our measures of
infrastructure to be at the same time. Second, the series of the regional GDP per capita from Eurostat
begins at 2000. We cite the full sample results as robustness tests in the Appendix. Finally, we end up
with an unbalanced panel of 113 European regions from 32 countries at the NUTS 1 level. In the bench-
mark speci�cation we exploit the regional dimension of our data, i.e., mean values of infrastructure at the
NUTS 1 level.
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3.2 Empirical Strategy

This section describes the empirical strategy to test our main hypothesis, i.e., the e�ect of measures of
infrastructure on culture.

3.2.1 Reduced Form Model

In the �rst stage of our analysis (Tables 1-4) we apply an ordinary OLS regression model to examine the
e�ect of infrastructure on people’s interpersonal/political trust. We refer to this speci�cation as the bench-
mark speci�cation. The reduced form model is:

Ti j = α0 + α1I j + α2Xi + α3Gi + α4Ei + α5Cv + α6Rt + εi

where, T is an index of the level of trust of individual i, residing in region j , who participated in the tth
ESS round. Five di�erent measures of trust are used: 1) most people can be trusted, 2) trust in country’s
parliament, 3) trust in the police, 4) trust in politicians, 5) trust in political parties, and 6) trust in the
legal system. Vector I j represents our four measures of infrastructure: 1) railroads, 2) electri�ed railroads,
3) motorways and 4) other roads at the region j . We take into account the individual characteristics by
applying the appropriate controls Xi such as age, age squared and gender. G j is regional GDP per capita
(in PPP) as a measure of development. Ei is a vector of educational �xed e�ect for the responder i. Cv is a
vector of country �xed e�ects that controls for all time invariant unobserved heterogeneity at the country
level. Rt is a vector of ESS round �xed e�ects aimed to capture round speci�c shocks that could a�ect
individual responses. εi is an individual speci�c error term. We estimate robust standard errors, clustered
at the NUTS 1 level, in all our regressions.

3.2.2 Identi�cation: Immigrant Analysis (International Immigration)

While the multilevel nature of our analysis eliminates reverse causaility concerns, yet we cannot eliminate
simultaneity concerns. We might thus be concerned that there is a set of omitted variables driving the
variation in trust and the evolution of infrastructure at the regional level. To eliminate this concern, we
rely on the epidemiological analysis, i.e., on exploiting variations in the trust levels of immigrants living in
the same host country, coming from countries with di�erent levels of infrastructure.

The analysis employs data from seven waves of the European Social Survey (2004-2016). One element
in the construction of the dataset is that it provides an immigrant identi�er (only for Waves2-8) that allows
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to trace immigrants up to the second generation, as well as concrete information about the mother and
father’s country of origin. This element is crucial since it allows us to exploit the event of immigration in
order to explore the evolution of cultural traits. The identifying assumption in these studies is that when
immigrants move to a host country their current attitudes are no longer directly a�ected by the economic
or the institutional environment at the country of origin. Thus, any e�ect of the origin country on im-
migrants’ attitudes operates indirectly via culture (Fernández and Fogli, 2009).

The baseline analysis will rely on a sample of max N=8160 �rst generation immigrants, who originate
from 31 countries all over the globe and currently reside in 34 European countries. First generation immi-
grants are de�ned as those individuals who were born in a di�erent country and eventually moved to the
host country. To identify the immigrants’ country of origin, the analysis employs the individuals’ country
of origin.

The dependent variables are exactly the same (since we use the ESS sample), it is just the sample that
changes, i.e., instead of using natives we use immigrants. What di�ers is the source of the infrastructure
data. Since we want to link immigrants with the average level of infrastructure that they experienced in the
past, the Eurostat data is not any longer useful as it is rather recent data. We thus resort to the database of
World Infrastructure Stocks (1950-2005) (Canning, 1998; World Bank, 2006). This dataset provides us
historical data on two types of infrastructure, roadways and railways. We associate each immigrant with
the mean value of (each measure of) infrastructure the three years proceeding his departure. We view this
as a good proxy of the quality of infrastructure during the time of his departure, while the 3-year average
eliminates any outliers due to year-speci�c condition, e.g., a potential damage or large scale replacement.

In order to explore the e�ect of origin infrastructure on immigrants’ trust towards other people in the
host country and towards host institutions we adopt the following speci�cation:

Tihot = α0 + α1Io + α
′
2Xi + α3Go + α4Ei + α

′

5Φh + α
′

6Πo + α
′
7Rt + εihot

where, T is an index of the level of trust of individual i, residing in the host country h, of origin o, who
participated in the tth ESS round. Six di�erent measures of trust are used: 1) most people can be trusted,
2) trust in country’s parliament, 3) trust in the police, 4) trust in politicians, 5) trust in political parties,
and 6) trust in the legal system. Vector Io represents our two available measures of infrastructure: 1)
motorways, and 2) railroads at the origin country during the period that the immigrant departed. We
take into account the individual characteristics by applying the appropriate controls Xi such as age, age
squared. Go is GDP per capita of origin country (in PPP) as a measure of development. Ei is a vector of
educational �xed e�ect for the responder i. Φh is a vector of host country �xed e�ects that captures all
time invariant unobserved heterogeneity at the host country level. Πo is a vector of origin country �xed
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e�ects that captures all time invariant unobserved heterogeneity at the origin country level. Rt is a vector
of ESS round �xed e�ects aimed to capture round speci�c shocks that could a�ect individual responses.
εihot is an individual speci�c error term. The standard errors are corrected for clustering at the dimension
of the country of origin. Double clustering at the dimension of the host and the origin country yield
similar results following the multi-way clustering method of TCIMACRO (Cameron et al., 2011).

4 Empirical Findings

4.1 Benchmark Speci�cation

In this section we present the empirical results of our research. We �rst illustrate the reduced form results
and then we proceed to the immigrant analysis that will allow us to establish a causal e�ect. Tables 1-4
present our benchmark results. Out benchmark model controls for the full set of individual and regional
controls as well as ESS round and region �xed e�ects. Our estimation method is OLS. Columns (1) to (6)
present the full speci�cation results for each trust variable.

Table 1 show the e�ect of motorways, Table 2 the e�ect of railroads, Table 3 the e�ect of electri�ed rail-
roads and Table 4 the e�ect of other roads. First we note that in all four tables and columns, infrastructure
confers a statistically signi�cant and positive e�ect on all trust measures. However, the stronger results are
reported in Table 1 (motorways) both in terms of signi�cance and magnitude. This potentially re�ects the
fact that given the widespread automobile culture nowadays, extending roadways signi�cantly facilitates
the exposure of locals to new cultures and ideas and ultimately signi�cantly shapes trust attitudes.

Railways (Table 2) also confer a strong and statistically signi�cant e�ect, though somewhat less signif-
icant and weaker in magnitude. Electric railroads (Table 3) have a similar (in magnitude and signi�cance)
e�ect on trust in relation to Table 2 (railways). Last, Table 4 (other roads) has a weaker e�ect on trust,
a result that is reassuing as other roads refers to more local network of limited scope. Thus its e�ect is
anticipated to be weaker and this is con�rmed by our results.

Tables 7-10 test the robustness of our results by taking the average value of infrastructure over the whole
period 1990-2016 for which the infrastructure data is available. In our benchmark speci�cation we em-
ployed the 2000-2016 period to match the infrastructure data with the ESS range of years. However,
using the full period allows us to obtain larger variation in the infrastructure data. As anticipated, our
results increase both in magnitude and signi�cance for all four tables and measures.

Tables 11, 12 establish the robustness of our results to the use of an ordered logit model for the period
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2000-2016 for the two main variables, i.e. motorways and railways. Our �ndings are in line with the
benchmark speci�cation.

4.2 Immigrant Analysis

Tables 5 and 6 report the results from the immigrant analysis. As already mentioned in the empirical strat-
egy section, all tables control for the full set of individual controls as well as host country, origin country
and ESS round �xed e�ects. They also control for the average level of income per capita at the origin coun-
try.

Table 5 reports the results for motorways while Table 6 reports the results for railways. Columns (1)
to (6) in each table introduce di�erent trust variables. Table 5 con�rms the �ndings of the benchmark
analysis for the sample of �rst generation immigrants. However, we lose signi�cance in the variables of
trust to other people (column 1) and trust to the legal system (column 6). Thus, the main results that go
through are the results associated with political trust. Table 6 also con�rms the �ndings of the benchmark
analysis with the exception of trust to political parties.

5 Mechanism

We rely on an expanding literature to hypothesize about the mechanism behind our reduced form result.
We argue that our e�ect operates directly, via the exposure of individuals to new people and new ideas, as
well as indirectly via the restructuring of the economy.

Concerning the direct e�ect it has been widely documented that infrastructure facilitates information
�ow (Perlman, 2017). Concerning the indirect e�ect, there is abundant evidence highlighting the e�ect
of infrastructure on several di�erent aspects of the economy. Perlman (2017) and Andersson et al. (2018)
show that a reduction in communication and transportation costs has an e�ect on local innovative activity.

Railroads also changed the character of the areas around them. They provided loci for new towns,
increasing urbanization (Atack et al., 2009), attracting banks (Atack et al., 2014), and encouraging spec-
ulators to plat towns (Hudson, 1985).

9



6 Conclusions

In this paper, we establish a novel link between infrastructure and trust. For this reason, we combine re-
cent data on infrastructure from Eurostat and variables of trust from ESS. Next, we apply international
immigrant analysis as natural experiment to overcome the potential endogeneity problem. We include to
our immigrant analysis historical infrastructure data at the country level.

Our work reveals a positive e�ect of infrastructure on trust when we use the full sample of responders
and during the immigrant analysis. Our results survive from additional controls and demonstrate that
regions with higher stock of infrastructure have also higher level of trust.

Our �ndings are very important and could be proved a powerful weapon in the hands of policy makers.
Investing on stronger relationships though trustiness could promote knowledge spillovers and to reduce
regional disparities which is a hot topic in the research agenda.
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Figure 1: Evolution of Infrastructure Stock in Europe

Notes: The evolution of infrastructure in time. The �gure illustrates the sum of all countries for the
period 2000-2016. The measurement unit is kilometers in thousands. Source: Eurostat
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Figure 2: Stock of Motorways

Notes: The average value of motorways across regions in Europe for the period 2000-2016. The measure-
ment unit is kilometers. Source: Eurostat
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Figure 3: Stock of Railroads

Notes: The average value of railways across regions in Europe for the period 2000-2016. The measure-
ment unit is kilometers. Source: Eurostat
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Table 1: Motorways and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

motorways .76∗∗∗ 1.35∗∗∗ 1.43∗∗∗ 1.19∗∗∗ 1.13∗∗∗ 1.58∗∗∗

[.27] [.43] [.47] [.38] [.39] [.48]
age of respondent -.23∗∗∗ -.50∗∗∗ -.31∗∗∗ -.48∗∗∗ -.58∗∗∗ -.50∗∗∗

[.06] [.04] [.04] [.04] [.04] [.05]
age of respondent2 .00∗∗∗ .01∗∗∗ .00∗∗∗ .01∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01∗ .02∗∗∗ .02∗∗∗ .02∗∗∗

[.01] [.00] [.00] [.01] [.00] [.00]
R-squared .17 .19 .16 .18 .19 .21
Sample Size 235349 230787 233671 232566 212646 230907
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of motorways on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by motorways. We construct our measure of infrastructure by using the annual stock of
kilometers from Eurostat over the time period 2000-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.
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Table 2: Railroads and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

railroads .39∗∗∗ .46∗∗ .67∗∗∗ .39∗∗ .40∗∗ .63∗∗∗

[.14] [.19] [.21] [.16] [.17] [.22]
age of respondent -.22∗∗∗ -.48∗∗∗ -.30∗∗∗ -.47∗∗∗ -.56∗∗∗ -.49∗∗∗

[.06] [.04] [.04] [.04] [.04] [.06]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01∗∗ .02∗∗∗ .02∗∗∗ .02∗∗∗

[.01] [.00] [.00] [.01] [.01] [.00]
R-squared .18 .20 .16 .20 .21 .22
Sample Size 225900 221547 224273 223263 203367 221648
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of railroads on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by railroads. We construct our measure of infrastructure by using the annual stock of
kilometers from Eurostat over the time period 2000-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.

Table 3: Electric Railroads and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

electric railroads .48∗ .66∗ .95∗∗ .68∗∗ .75∗∗ .94∗∗

[.25] [.38] [.41] [.29] [.31] [.43]
age of respondent -.24∗∗∗ -.45∗∗∗ -.29∗∗∗ -.45∗∗∗ -.53∗∗∗ -.44∗∗∗

[.06] [.04] [.05] [.04] [.04] [.06]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .00 .01∗∗∗ .01∗∗∗ .02∗∗∗

[.00] [.00] [.00] [.00] [.00] [.01]
R-squared .19 .20 .17 .19 .21 .22
Sample Size 201020 197203 199433 198614 182117 197020
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of electrified railroads on culture for the European sample. More specifically, the trust
of European citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and
vi) the legal system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as
well as for ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by electrified railroads. We construct our measure of infrastructure by using the annual stock
of kilometers from Eurostat over the time period 2000-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.
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Table 4: Other Roads and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

other roads .02∗∗ .01∗ .02∗∗ .02∗∗ .01∗∗ .02∗

[.01] [.01] [.01] [.01] [.01] [.01]
age of respondent -.23∗∗∗ -.50∗∗∗ -.31∗∗∗ -.48∗∗∗ -.58∗∗∗ -.50∗∗∗

[.06] [.04] [.04] [.04] [.04] [.05]
age of respondent2 .00∗∗∗ .01∗∗∗ .00∗∗∗ .01∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01∗∗ .02∗∗∗ .02∗∗∗ .02∗∗∗

[.01] [.00] [.00] [.01] [.01] [.01]
R-squared .17 .19 .16 .18 .19 .21
Sample Size 235349 230787 233671 232566 212646 230907
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of other roads on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by other roads. We construct our measure of infrastructure by using the annual stock of
kilometers from Eurostat over the time period 2000-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.

Table 5: Motorways and Trust-International Immigrant Analysis IV Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

motorways .10 .47∗∗ .33∗∗ .23∗∗ .38∗∗∗ .17
[.14] [.20] [.17] [.10] [.12] [.27]

age of respondent .08 -.15 -.09 -.12 -.22∗ -.25∗∗∗

[.10] [.11] [.10] [.15] [.12] [.08]
age of respondent2 -.00 .00∗∗ .00∗ .00 .00∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita -.01 .12∗ .17∗∗ .21∗∗∗ .21∗∗∗ .14∗

[.05] [.07] [.07] [.07] [.06] [.07]
R-squared .11 .18 .17 .17 .16 .14
Sample Size 6599 6254 6529 6371 6270 6402
Host Country FE Yes Yes Yes Yes Yes Yes
Origin Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of motorways on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round, origin and host country fixed effects.
Notes:(i) Infrastructure is measured by motorways. We construct our measure of infrastructure by using the annual stock of
kilometers from Canning and World Bank over the time period 1950-2005. (ii) The variables “Most people can be trusted”, “Trust
in country’s parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system”
refer to the European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii)
International Immigrant Analysis, IV model with robust standard error, double clustered at the Host and Origin country level,
are reported in parenthesis. (iv) *** denotes statistical significance at 1 percent level, ** at the 5 percent level, and * at the 10
percent level.
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Table 6: Railroads and Trust-International Immigrant Analysis IV Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

railroads 2.95∗∗ 2.33∗∗∗ 1.50∗∗∗ 1.80∗∗ .05 6.78∗∗∗

[1.30] [.17] [.38] [.80] [1.16] [1.84]
age of respondent .11 .06 -.01 .01 .01 -.09

[.07] [.11] [.07] [.09] [.11] [.09]
age of respondent2 -.00∗ -.00 .00∗∗ .00 .00 .00

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .05 .20∗∗∗ .15∗∗ .21∗∗∗ .18∗∗∗ .17∗∗

[.06] [.05] [.06] [.06] [.06] [.07]
R-squared .11 .15 .13 .15 .14 .11
Sample Size 8160 7646 8092 7824 7688 7892
Host Country FE Yes Yes Yes Yes Yes Yes
Origin Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of railroads on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round, origin and host country fixed effects.
Notes:(i) Infrastructure is measured by railroads. We construct our measure of infrastructure by using the annual stock of
kilometers from Canning and World Bank over the time period 1950-2005. (ii) The variables “Most people can be trusted”, “Trust
in country’s parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system”
refer to the European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii)
International Immigrant Analysis, IV model with robust standard error, double clustered at the Host and Origin country level,
are reported in parenthesis. (iv) *** denotes statistical significance at 1 percent level, ** at the 5 percent level, and * at the 10
percent level.
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Appendix

Table 7: Motorways and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

motorways .88∗∗∗ 1.47∗∗∗ 1.59∗∗∗ 1.31∗∗∗ 1.26∗∗∗ 1.75∗∗∗

[.32] [.49] [.51] [.42] [.44] [.54]
age of respondent -.23∗∗∗ -.49∗∗∗ -.30∗∗∗ -.48∗∗∗ -.57∗∗∗ -.49∗∗∗

[.06] [.04] [.04] [.03] [.04] [.05]
age of respondent2 .00∗∗∗ .01∗∗∗ .00∗∗∗ .01∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01 .02∗∗∗ .02∗∗∗ .02∗∗∗

[.01] [.00] [.00] [.01] [.00] [.00]
R-squared .17 .19 .16 .19 .20 .21
Sample Size 237794 233214 236106 234997 215075 233335
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of motorways on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by motorways. We construct our measure of infrastructure by using the annual stock of
kilometers from Eurostat over the time period 1990-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.
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Table 8: Railroads and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

railroads .40∗∗∗ .46∗∗ .65∗∗∗ .41∗∗ .41∗∗ .59∗∗∗

[.15] [.19] [.21] [.17] [.17] [.22]
age of respondent -.23∗∗∗ -.49∗∗∗ -.31∗∗∗ -.48∗∗∗ -.57∗∗∗ -.49∗∗∗

[.06] [.04] [.04] [.04] [.04] [.06]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .01∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01∗∗ .02∗∗∗ .02∗∗∗ .02∗∗∗

[.01] [.00] [.00] [.01] [.01] [.00]
R-squared .18 .20 .16 .19 .20 .22
Sample Size 229267 224881 227634 226608 206708 224995
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of railroads on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by railroads. We construct our measure of infrastructure by using the annual stock of
kilometers from Eurostat over the time period 1990-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.

Table 9: Electric Railroads and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

electric railroads .65∗∗ .67∗ 1.01∗∗ .82∗∗ .89∗∗∗ .93∗∗

[.31] [.39] [.43] [.33] [.34] [.45]
age of respondent -.23∗∗∗ -.49∗∗∗ -.31∗∗∗ -.47∗∗∗ -.56∗∗∗ -.49∗∗∗

[.06] [.04] [.04] [.04] [.04] [.06]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01 .02∗∗ .01∗∗ .02∗∗∗

[.01] [.00] [.00] [.01] [.01] [.00]
R-squared .18 .20 .16 .20 .20 .22
Sample Size 227802 223435 226171 225158 205264 223553
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of electrified railroads on culture for the European sample. More specifically, the trust
of European citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and
vi) the legal system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as
well as for ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by electrified railroads. We construct our measure of infrastructure by using the annual stock
of kilometers from Eurostat over the time period 1990-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.
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Table 10: Other Roads and Trust OLS Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

other roads .02∗∗ .01∗ .02∗∗ .02∗∗ .02∗∗ .02∗

[.01] [.01] [.01] [.01] [.01] [.01]
age of respondent -.23∗∗∗ -.49∗∗∗ -.30∗∗∗ -.48∗∗∗ -.57∗∗∗ -.49∗∗∗

[.06] [.04] [.04] [.03] [.04] [.05]
age of respondent2 .00∗∗∗ .01∗∗∗ .00∗∗∗ .01∗∗∗ .01∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01∗∗ .02∗∗∗ .02∗∗∗ .02∗∗∗

[.01] [.00] [.00] [.01] [.01] [.00]
R-squared .17 .19 .16 .19 .20 .21
Sample Size 237794 233214 236106 234997 215075 233335
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Summary:This table presents the effect of other roads on culture for the European sample. More specifically, the trust of European
citizens in: i) other people, ii) the domestic parliament, iii) the police, iv) the politicians, v) the political parties and vi) the legal
system. The analysis controls for individual characteristics such as age, age squared, gender and educational level as well as for
ESS round and country fixed effects.
Notes:(i) Infrastructure is measured by other roads. We construct our measure of infrastructure by using the annual stock of
kilometers from Eurostat over the time period 1990-2016. (ii) The variables “Most people can be trusted”, “Trust in country’s
parliament”, “Trust in the police”, “Trust in politicians”, “Trust in political parties” and “Trust in legal system” refer to the
European citizens and take values from 0-10 with 0 denoting “no trust at all”, and 10 denoting “complete trust”. (iii) OLS model
with robust standard error, clustered at the NUTS1 level, are reported in parenthesis. (iv) *** denotes statistical significance at
1 percent level, ** at the 5 percent level, and * at the 10 percent level.

Table 11: Motorways and Trust Logit Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

motorways .57∗∗∗ 1.02∗∗∗ 1.13∗∗∗ .96∗∗∗ .91∗∗∗ 1.22∗∗∗

[.22] [.33] [.38] [.31] [.32] [.36]
age of respondent -.16∗∗∗ -.38∗∗∗ -.26∗∗∗ -.41∗∗∗ -.49∗∗∗ -.36∗∗∗

[.05] [.03] [.03] [.03] [.03] [.04]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .01∗∗∗ .01∗∗∗ .01 .01∗∗∗ .01∗∗∗ .01∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
R-squared
Sample Size 235349 230787 233671 232566 212646 230907
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Notes.–This table reports the effect of motorways on different variables of trust. Logit model with robust standard error,
clustered at the NUTS1 level, are reported in parenthesis. *** denotes statistical significance at 1 percent level, ** at the 5
percent level, and * at the 10 percent level.
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Table 12: Railroads and Trust Logit Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

railroads .29∗∗ .34∗∗ .53∗∗∗ .31∗∗ .32∗∗ .49∗∗∗

[.11] [.14] [.18] [.13] [.13] [.17]
age of respondent -.15∗∗∗ -.37∗∗∗ -.25∗∗∗ -.40∗∗∗ -.48∗∗∗ -.36∗∗∗

[.05] [.03] [.03] [.03] [.04] [.04]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .01∗∗∗ .02∗∗∗ .01∗∗ .01∗∗∗ .01∗∗∗ .01∗∗∗

[.01] [.00] [.00] [.00] [.00] [.00]
R-squared
Sample Size 225900 221547 224273 223263 203367 221648
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Notes.–This table reports the effect of railroads on different variables of trust. Logit model with robust standard error, clustered
at the NUTS1 level, are reported in parenthesis. *** denotes statistical significance at 1 percent level, ** at the 5 percent level,
and * at the 10 percent level.

Table 13: Motorways and Trust Logit Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

motorways .66∗∗ 1.11∗∗∗ 1.27∗∗∗ 1.05∗∗∗ 1.01∗∗∗ 1.35∗∗∗

[.26] [.37] [.42] [.34] [.36] [.41]
age of respondent -.16∗∗∗ -.38∗∗∗ -.25∗∗∗ -.40∗∗∗ -.49∗∗∗ -.36∗∗∗

[.05] [.03] [.03] [.03] [.03] [.04]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .01∗∗∗ .01∗∗∗ .00 .01∗∗∗ .01∗∗∗ .01∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
R-squared
Sample Size 237794 233214 236106 234997 215075 233335
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Notes.–This table reports the effect of motorways on different variables of trust. We construct the measures of infrastructure
based on the time period 1990-2016. Logit model with robust standard error, clustered at the NUTS1 level, are reported in
parenthesis. *** denotes statistical significance at 1 percent level, ** at the 5 percent level, and * at the 10 percent level.

Table 14: Railroads and Trust Logit Regression

Dep. var. = Trust on People Trust in County’s Parliament Trust in the Police Trust in Politicians Trust in Political Parties Trust in the Legal System
(1) (2) (3) (4) (5) (6)

railroads .30∗∗ .34∗∗ .51∗∗∗ .32∗∗ .33∗∗ .45∗∗∗

[.12] [.14] [.18] [.13] [.13] [.16]
age of respondent -.16∗∗∗ -.37∗∗∗ -.25∗∗∗ -.40∗∗∗ -.48∗∗∗ -.36∗∗∗

[.05] [.03] [.03] [.03] [.04] [.04]
age of respondent2 .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗ .00∗∗∗

[.00] [.00] [.00] [.00] [.00] [.00]
gdp per capita .02∗∗∗ .02∗∗∗ .01∗∗ .01∗∗∗ .01∗∗∗ .01∗∗∗

[.01] [.00] [.00] [.00] [.00] [.00]
R-squared
Sample Size 229267 224881 227634 226608 206708 224995
Country FE Yes Yes Yes Yes Yes Yes
Gender FE Yes Yes Yes Yes Yes Yes
Education FE Yes Yes Yes Yes Yes Yes
ESS round FE Yes Yes Yes Yes Yes Yes

Notes.–This table reports the effect of railroads on different variables of trust.We construct the measures of infrastructure based
on the time period 1990-2016. Logit model with robust standard error, clustered at the NUTS1 level, are reported in parenthesis.
*** denotes statistical significance at 1 percent level, ** at the 5 percent level, and * at the 10 percent level.
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